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Literature in Statistics

In the Library of Congress classification scheme, most books on statistics, in-
cluding statistical computing, are in the QA276 section, although some are
classified under H, HA, and HG. Numerical analysis is generally in QA279,
and computer science in QA76. Many of the books in the interface of these
disciplines are classified in these or other places within QA.

Current Index to Statistics, published annually by the American Statistical
Association and the Institute for Mathematical Statistics, contains both au-
thor and subject indexes that are useful in finding journal articles or books in
statistics. The Index is available in hard copy and on CD-ROM.

Mathematical Reviews, published by the American Mathematical Society
(AMS), contains brief reviews of articles in all areas of mathematics. The
areas of “Statistics”, “Numerical Analysis”, and “Computer Science” contain
reviews of articles relevant to computational statistics. The papers reviewed
in Mathematical Reviews are categorized according to a standard system that
has slowly evolved over the years. In this taxonomy, called the AMS MR
classification system, “Statistics” is 62Xyy; “Numerical Analysis”, including
random number generation, is 65Xyy; and “Computer Science” is 68Xyy. (“X”
represents a letter and “yy” represents a two-digit number.) Mathematical
Reviews is available to subscribers via the World Wide Web at MathSciNet:

http://www.ams.org/mathscinet/

Resources Available over the Internet

The best way of storing information is in a digital format that can be accessed
by computers. In some cases, the best way for people to access information is
by computers; in other cases, the best way is via hard copy, which means that
the information stored on the computer must go through a printing process
resulting in books, journals, or loose pages.

A huge amount of information and raw data are available online, much
in publicly accessible sites. Some of the repositories give space to ongoing
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discussions to which anyone can contribute.
For statistics, one of the most useful sites on the Internet is the electronic

repository statlib, maintained at Carnegie Mellon University, which contains
programs, datasets, and other items of interest. The URL is

http://lib.stat.cmu.edu

There are two major problems in using the WWW to gather information.
One is the sheer quantity of information and the number of sites providing
information. The other is the “kiosk problem”; anyone can put up material.
Sadly, the average quality is affected by a very large denominator. The kiosk
problem may be even worse than a random selection of material; the “fools in
public places” syndrome is much in evidence.

It is not clear at this time what will be the media for the scientific literature
within a few years. Many of the traditional journals will be converted to an
electronic version of some kind. Journals will become Web sites. That is for
certain; the details, however, are much less certain. Many bulletin boards and
discussion groups have already evolved into electronic journals.

References to the Literature

The following bibliography obviously covers a wide range of topics in statisti-
cal computing and computational statistics. Except for a few of the general
references, all of these entries have been cited in the text.

The purpose of this bibliography is to help the reader get more information;
hence we eschew “personal communications” and references to technical reports
that may or may not exist. Those kinds of references are generally for the author
rather than for the reader.

In some cases, important original papers have been reprinted in special
collections, such as Samuel Kotz and Norman L. Johnson (Editors) (1997),
Breakthroughs in Statistics, Volume III, Springer-Verlag, New York. In most
such cases, because the special collection may be more readily available, we list
both sources.

A Note on the Names of Authors

In these references, we have generally used the names of authors as they appear
in the original sources. This may mean that the same author will appear with
different forms of names, sometimes with given names spelled out, and some-
times abbreviated. In the author index, beginning on page 67, we use a single
name for the same author. The name is generally the most unique (i.e., least
abbreviated) of any of the names of that author in any of the references. This
convention may occasionally result in an entry in the author index that does
not occur exactly in any references. For example, a reference to J. Paul Jones
together with one to John P. Jones, if we know that the two names refer to the
same person, would result in an Author Index entry for John Paul Jones.
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Léger, Christian, and Joseph P. Romano (1990), Bootstrap adaptive estimation:
The trimmed-mean example, Canadian Journal of Statistics 18, 297–314.
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